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Dynamic routing between capsules.

Sabour, S., Frosst, N., and Hinton, G. E.
NIPS 2017
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Convolutional Neural Network
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Deep compression: Compressing deep neural networks

with pruning, trained quantization and huffman coding
S. Han, H. Mao, and W. J. Dally,

International Conference on Learning Representations 2016
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